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Executive Summary

The digital era has ushered in new paradigms of operation for businesses worldwide, particularly within the
realm of IT Finance Management. Traditional methods of data processing and decision-making can fall short
in the face of the vast, complex information businesses handle today. Consequently, the adoption of Artifi-
cial Intelligence (Al) has become a necessity rather than a luxury, helping organizations make sense of this
informational deluge, streamline operations, and optimize decision-making processes.

In 2023, the financial services sector allocated roughly $35 billion towards Al projects. Recent projections
estimate that the global Al in finance market is expected to reach $190.33 billion by 2030, growing at a
compound annual growth rate (CAGR) of 30.6 % from 2024 to 2030.

In this paper we will review the type of GenAl models (LLM and LQM) that can be used to enhance the IT
Financial Management Practice, as well as how they can be integrated into ITFM automation platforms to
enhance the user experience.

LLMs shine in transforming messy, unstructured information into insight-rich language assets. They are
your interface between technical models and real-world understanding. LQMs power the math behind the
scenes - handling simulations, forecasts, and optimization of cost structures. They provide depth, accuracy,
and repeatability. Used together, they create a closed-loop system where: LLMs convert financial conver-
sations into data inputs, LQMs model outcomes and risks, LLMs then interpret and communicate those
results clearly and contextually.
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ITFM Practice Areas - Al-Driven Transformation with LLMs &

LQMs

ITFM Practice Areas: Al-Driven Transformation with LLMs & LQMs

In this table, we summarize how Large Language Models (LLMs), and Large Quantitative Models (LQMs) could be leveraged in each
of the 4 ITFM practice areas. Figure 1 shows the typical data flow in an IT Finance Practice (especially leveraging an automation
platform) and the highlighted areas where Al could improve processes.

PRACTICE AREA

Budgeting

Investment
Management

Cost Modeling

Bill of IT

Allocation to the
Business
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LLM CONTRIBUTION

° Auto-generate budget narratives and variance reports
* Summarize historical trends from unstructured text
* Interpret stakeholder commentary into planning inputs

° Extract key metrics and insights from investment proposals
* Generate ROl justifications and alignment summaries
* Assist in drafting business cases from financial inputs

* Explain model logic and assumptions in plain language

* Translate complex outputs into stakeholder-friendly sum-
maries

* Document version changes and rationale automatically

* Generate tailored service descriptions and usage summa-
ries

* Handle user queries via chatbot interfaces

* Translate billing logic and policies for diverse audiences

¢ Create intuitive allocation rationale summaries
° Enable natural language Q&A on cost allocation logic
* Document impact of allocation changes automatically

LQM CONTRIBUTION

* Forecast spend based on time-series and historical usage
* Simulate budget scenarios under different drivers
* ldentify non-linear cost behaviors and anomalies

* Optimize investment portfolios using mathematical models

° Run predictive risk assessments across tech initiatives

* Evaluate time-value and performance volatility of invest-
ments

* Model cost structures with granular variable analysis

* Simulate utilization-driven price changes and break-even
scenarios

* |[dentify sensitivity across cost dimensions

* Compute service-level costs from usage patterns and rate
tables

¢ Detect billing outliers or inefficiencies using statistical
thresholds

* Perform dynamic allocation by service unit or consumption

* Model cost allocation formulas based on business rules
* Simulate what-if scenarios for departmental charges
* ldentify optimization opportunities across shared services
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We will furthermore dive into concrete use cases and describe in more detail the application of the above stated Al capabilities for
the IT Finance application.

Possible Al Use Cases in IT Financial Management (ITFM)
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Generative Al Overview

Generative Al (GenAl) refers to a class of artificial intelli-
gence models that can create new content - whether it's

text, images, music, code, or even video. Unlike traditional Al
that mostly analyzes or classifies data, generative Al is built
to produce data that mimics human creativity. The GenAl
model types that have the most direct application to IT Finan-
cial Management Practices are Large Language Models (LLM)
and Large Quantitative Models (LQMs). A Large Language
Model (LLM) is a type of artificial intelligence designed to
understand and generate human language. These models
are trained on massive datasets - think billions or even tril-
lions of words - to learn the patterns, structure, and meaning
behind text. A Large Quantitative Model (LQM) is a type of
artificial intelligence system designed to perform advanced
mathematical reasoning, numerical analysis, and data model-
ing, especially in fields like finance, engineering, and scientific
research.
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Large Language Models (LLMs) -

Large Language Models (LLMs) are changing how finance
teams interact with data, automation, and decision-making.
For IT Finance professionals navigating complex systems,
budgets, and forecasts, LLMs offer a new dimension of effi-
ciency and insight.

What Are LLMs?

LLMs are advanced Al systems trained to understand and
generate human-like text. Think of them as virtual analysts

- able to read, interpret, and create financial narratives and
technical documentation on demand. Large Language Models
(LLMSs) are revolutionizing how IT finance teams process, inter-
pret, and communicate financial and operational data. From
budgeting narratives to cost allocation transparency, LLMs
offer intelligent automation and strategic augmentation for
core practices within ITFM.

Beyond just text generation, LLMs support broader natural

language processing tasks:

* Named Entity Recognition (NER): Extract company names,
project IDs, financial instruments.

Page 7

An IT Finance Perspective

* Sentiment Analysis: Gauge confidence levels in stakeholder
communications

* Text Summarization: Distill long procurement or budget
proposals into key points.

What LLMs are available and how do you access
them?

LLMs are accessible through platforms like OpenAl, Google,
and Hugging Face, which provide APIs or open-source mod-
els. These tools can be integrated into financial systems to
support a very wide variety of use cases.

Challenges with LLMs
For IT Finance professionals, caution is key. Consider these
challenges when bringing LLMs into your practice:

Hallucinations: LLMs may fabricate plausible but incorrect
facts - especially in financial contexts. LLMs can reflect data
biases or generate inaccurate content (“hallucinations”). To
mitigate risks, implement validation steps using human-in-
the-loop review.
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Bias in Data: If trained on skewed datasets, models may
introduce unintended risks. To help mitigate this, use specially
constructed prompts specific to IT Finance.

Explainability: Outputs may lack transparency, complicating
audit trails and stakeholder trust. To mitigate this risk, main-
tain audit trails for LLM-generated outputs.

Overall, organizations should combine LLMs with rule-based
systems, validate model outputs using domain-specific checks
and educate users on the limitations and ethical use of Al.
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Strategic Impact of LLMs for
IT Finance

For IT Finance, LLMs can interpret large volumes of financial
and operational text. This positions them for use across the
ITFM Practice with the following benefit potentials:

Objectives for LLMs in IT Financial Management

OBJECTIVE LLM VALUE PROPOSITION

Automate generation of financial summaries
and insights

Increase reporting
efficiency

Enhance decision
support

Translate complex data into clear, actionable
language

Improve stakeholder
engagement

Create personalized, intuitive financial com-
munication

Strengthen cost
transparency

Clarify service value through natural-language
explanations

Practice-Level Integration

Budgeting

The goals of using LLMs during the planning period would be
to improve planning cycles, narrative quality, and variance
analysis. During the budgeting process, budget coordinators
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and managers can use LLMs to draft budget narratives, vari-
ance explanations, and historical insights. You could auto-gen-
erate budget justifications and summaries from financial
data. In this way, they would assist in collaborative forecasting
by interpreting historical patterns and stakeholder inputs.
LLMs could be Integrated into Finance budgeting platforms
and ITFM automation platforms for real-time commentary
generation. This would enhance storytelling and context, re-
ducing manual effort in recurring reports.

Investment Management

The Goals of using LLMs in this part of the practice would be
to support portfolio analysis and business case development.
True predictive forecasting and Portfolio Financial Manage-
ment are areas many IT Finance Groups struggle with. Lever-
age LLMs to summarize investment proposals and risk assess-
ments from extensive documentation, making the ongoing
management in this area more streamlined.

LLMs could extract ROI narratives and/or key metrics from
the usually unstructured inputs, and then summarize propos-
als, taking manual data parsing out of the loop and freeing up
time for deeper analysis. They could also identify redundant
or low-impact investments through text clustering. A System
could have embedded, or you could leverage tools that apply
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Natural Language Processing (NLP) to scan business cases for
strategic alignment and ROI signals.

Cost Modeling

The overall goals of using LLMs in the cost modeling process-
es would be to improve ease of model creation, as well as
assist with interpretation and creation of narratives around
the model outputs.

Practitioners spend substantial time on creating rules and
distribution keys for a cost model, prototypes from multiple
vendors already show that it is feasible to have an LLM create
proposals for allocation logics. A simple example could be the
analysis of texts available in cost vouchers, e.g. A vendor or
even a service name that allows for a direct allocation to the
respective service may be discovered and used.

Building cost models is a skill that some IT Finance teams
have invested in over the last decade, however being able to
analyze the results and do What If modeling is still a challenge
for them. LLMs can generate executive briefs from simulation
results for faster review cycles, Translate complex model out-
puts into executive-friendly language. They could also Analyze
cost-driver trends and suggest optimization opportunities
and conduct comparative analysis across different cost model
outputs.
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Bill of IT

LLMs in a Bill of IT, either for show back or chargeback, could
automate service cost and consumption explanations and en-
hance the creation of actionable impacts for the organization
outside of IT. By generating service descriptions, cost break-
downs, and usage narratives or creating tailored billing com-
munication for different business units LLMs could transform
reporting to be more transparent and self- service without
significant team member effort. Embedded into an ITFM auto-
mation platform, LLMs could be used to answer user queries
regarding service consumption using chat-driven interfaces.

Cost Allocation

LLMs can be leveraged in cost allocations to enable account-
ability and communication of shared service costs. By analysis
of outputs and calculations, they can Clarify allocation rules
and logic to non-finance stakeholders. An LLM could be used
to automate allocation explanation reports at department or
project level or summarize impacts of allocation changes on
business performance. An LLM embedded into an automa-
tion platform could empower business-facing analysts with
LLM-driven assistants to improve stakeholder engagement,
allowing them to use natural language questioning and reduc-
ing friction between stakeholders and the IT Finance team.
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Future Strategy

In the future, LLMs will unlock broader opportunities in ITFM
such as conversational cost analytics dashboards, real-time
financial assistant chatbots, and continuous budget forecast
refinement via language input. As LLMs evolve, they'll contin-
ue to reshape IT finance functions - from automating report-
ing to enabling predictive cost modeling through language.
The goal isn't just efficiency, it's unlocking intelligence hidden
in your financial text streams.
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Large Quantitative Models (LQMs) - An IT Finance Perspec-

tive

What are LQMs?

Large Quantitative Models (LQMs) represent a specialized
class of artificial intelligence designed to uncover insights
from structured numerical data. Unlike LLMs, which excel

in processing and generating natural language, LQMs focus
on identifying quantitative relationships, forecasting trends,
and modeling financial systems with mathematical precision.
These models apply a range of techniques - from statistical
inference to physics-based simulations - to tackle complex
numerical challenges across finance and IT operations. Their
strengths lie in tasks that demand rigor, accuracy, and dy-
namic modeling, such as cost prediction, risk evaluation, and
portfolio optimization. LQMs outperform traditional statistical
and machine learning models by incorporating cross-domain
data - such as market sentiment, macroeconomic indicators,
operational data and volume metrics - to generate more ro-
bust and realistic forecasts.

How LQMs Learn: A Two-Stage Training Process

LQMs undergo a disciplined training process that consists of
two distinct phases:
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1. Pretraining

The model is exposed to extensive financial datasets such as
historical market prices, economic indicators, and corporate
financial records. During this phase, LQMs build a foundation-
al understanding of patterns, relationships, and behaviors
across different quantitative domains.

2. Fine-Tuning

The pretrained model is adapted for specific use cases, today
these commonly include, but are not limited to stock price
prediction, portfolio optimization, or risk management. This
pretraining could be for any specific use case that data is
available for. This customization allows the model to excel in
narrowly defined financial scenarios with high accuracy.

What LQMs are available today and how can you
access them?

There are several commercially available pretrained mod-

els that can be refined for your uses, but most of the LQM
use today is done in proprietary models that give significant
market advantage to the organization. Some LQMs (e.g. Sand-
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boxAQ) are available via Google Cloud Marketplace or NVIDIA
DGX Cloud, and most require licensing. There are a few open-
source LQMs that exist; most require fine tuning on propri-
etary data that you would provide, and would require some
internal development to be user friendly.

FinanceGPT Labs

also integrates to Teams

* Focus: Quantitative finance - portfolio optimization, risk
modeling, and forecasting.

* Model Type: VAE-GAN-based LQMs tailored for financial
data.

* Access: Currently experimental; enterprise partnerships or
custom deployments are typical.

Talbot West Cognitive Hive Al (CHAI)

* Focus: Modular LQMs for forecasting, scenario modeling,
and symbolic computation.

* Model Type: Ensemble systems combining LQMs with sym-
bolic reasoning.

* Access: Consultation-based access for enterprise clients.

SandboxAQ’s AQBioSim & AQChemSim
* Focus: Drug discovery, materials science, cryptography, and
navigation.
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* Model Type: Physics-based LQMs trained on molecular,
chemical, and biological data.

* Access: Available via SandboxAQ's enterprise platform, of-
ten deployed through Google Cloud and NVIDIA DGX infra-
structure.

* Use Case: Biopharma teams simulate molecular binding,
toxicity, and efficacy before lab testing.

Challenges with LQMs

As LQMs gain traction in ITFM for cost forecasting, budgeting,
and scenario modeling, several practical and strategic hurdles
have emerged that finance leaders should anticipate.

Proprietary Model Limitations

Many of the most advanced LQMs are proprietarily developed
by organizations where predictive capability in public mar-
kets offers significant competitive advantage. For example,
BloombergGPT is optimized for financial news and market
analysis but is not publicly available for broader enterprise
use. Internal LQMs trained on proprietary corporate data pro-
vide targeted forecasting capabilities but lack cross-organiza-
tional applicability, making their insights non-transferable.
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Emergence of Pretrained Platforms

To address these gaps, we're seeing the rise of platforms like SandboxAQ, which of-
fer pretrained LQMs tailored to specific domains (e.g., quantum optimization, health-
care simulation). These models typically require fine-tuning on an organization’s
unique datasets to yield meaningful predictions, echoing trends in open-source LQM
development where initial pretraining is followed by enterprise-specific customiza-
tion.

Data Availability for Fine-Tuning

Access to clean, complete, and historically consistent data is a recurring challenge.
During typical ITFM or TBM engagements, clients commonly struggle with producing
even one full fiscal year of historical financials due to system silos and restrictive ac-
cess controls. To fine-tune LQMs effectively, IT FP&A and data analytics teams often
need elevated privileges across enterprise systems, which may introduce gover-
nance and compliance considerations.

Managing Accuracy and Volatility
LQMs introduce statistical nuance that can challenge traditional expectations around
model consistency. Unlike static models, LQMs may output variable results based on
small shifts in input assumptions or prompt phrasing. To mitigate risk:
Set clear expectations with stakeholders about model sensitivity and volatility.
Institute version control and scenario locking for financial presentations.
Benchmark models against established metrics (e.g., forecast error thresholds) to
validate performance over time.
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Strategic Impact of LQMs for IT Finance

For IT Finance, LQMs can help analyze, correlate and even
amend and improve large data sets. This positions them for
use across the ITFM Practice with the following benefit poten-
tials:

Objectives for LQMs in IT Financial Management

OBJECTIVE LQM VALUE PROPOSITION

Increase reporting
efficiency

Identify and highlight deviations/anomalies
for review

Enhance decision Create alternative scenarios to compare and
support evaluate

Improve stakeholder
engagement

Identify and correct/complete data inaccura-
cies and inconsistencies

Strengthen cost
transparency

Analyze recommendations for cost savings
and usage optimization

Practice-Level Integration

LQMs are already transforming key financial functions out-
side of IT Finance. Siemens reported a 10 % improvement in
forecast accuracy by integrating Al-driven models into their
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FP&A processes. IT Finance directors should leverage their
successes within IT Finance to bring world class methods into
their ITFM practice. By integrating LQMs into ITFM systems,
finance teams can gain deeper clarity into financial trends and
outcomes, enabling smarter, faster decision-making.

Some other ways that LQMs are used in IT Finance today

include:

* Revenue & Expense Forecasting: Predicting financial out-
comes with greater accuracy, even when historical data is
sparse.

* Fraud Detection: Identifying anomalies and patterns that
signal potential financial misconduct.

* Risk Management: Modeling exposure scenarios and
stress-testing forecasts.

* Derivative Pricing: Generating realistic options pricing and
implied volatility curves.

* Forecast Enhancement: Supplementing limited historical
data to improve model reliability.
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Budgeting

Using Al in budget analysis is an unexplored area for IT
Finance but could add actionable insights and help to define
steps to manage variances in the future. Correctly fine-tuned
models could provide high-fidelity modeling of spend pat-
terns and variances that would feed into the budget process.

Investment Management

Today, forecasting and variance analysis for OpEx spend is a
rear-view window activity, an accountability activity after the
fact. This requires accounting skills to tie the plan to the gen-
eral ledger actual transactions exactly but is always an expla-
nation of what happened. What if the IT Finance team could
start to predict the variances that are likely to happen, and
the risks associated with those, and then work with the busi-
ness to decide whether to act or not? LQMs would not create
the “official forecast” that is entered into organizational sys-
tems of record but instead would be internal analysis models
and reporting. LQMs fine-tuned for forecast variance predic-
tion would be able to model behavioral patterns of budget
managers and project lifecycle trends and identify the likeli-
hood of over- or under-forecasting based on historical vari-
ance and modeled future trends. LQMs could transform this
analysis into IT service portfolio analysis where IT services
are treated as investment assets. In this case, the LQM could
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evaluate performance based on rates, total cost of ownership
(TCO), and business impact. Both would provide increased
risk analysis, quantifying uncertainty in forecasts and simu-
lating potential overspend or underspend scenarios across
fiscal periods. Considering the project portfolio optimization
portion of investment management, LQMs in other areas of
IT Finance have successfully been used to automate waterline
analysis to prioritize high-value initiatives, and to model proj-
ect risk, delay patterns, and resource utilization.

Cost Modeling

If you're exploring LQMs for internal forecasting or cost mod-
eling, consider starting with a hybrid architecture: use LLMs
for data extraction and transformation, then feed structured
outputs into pretrained LQMs for simulation and optimi-
zation. This layered approach balances accessibility with
precision. This can also be used to compare internal service
costs against external market data or identify pricing gaps
and optimization opportunities. LQMs in the cost modeling
process could enable cost take-out opportunity identification
by detecting underutilized resources and inefficient usage
patterns and recommending actionable cost-saving strate-
gies beyond traditional FinOps tools. Although LQMs are not
currently used in ITFM cost modeling, they are increasingly
being used to elevate cost modeling from static spreadsheets
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to dynamic, simulation-driven decision tools. Here are some
compelling examples across industries:

1. Construction & Infrastructure
Use Case: Estimating total project costs under varying mate-
rial, labor, and regulatory conditions.
LQM Approach: Combines parametric modeling with proba-
bilistic simulations (e.g., Monte Carlo) to forecast cost ranges
and risk-adjusted budgets.
Example: Bridge construction projects use LQMs to simu-
late cost impacts of design changes, weather delays, and
supply chain disruptions.

2. Software Development
Use Case: Forecasting development costs based on code
complexity, team size, and delivery timelines.
LQM Approach: Parametric models like COCOMO (Construc-
tive Cost Model) use historical data and algorithmic formulas
to estimate effort and cost.
Example: Tech firms use LQMs to compare agile vs. water-
fall methodologies in terms of cost efficiency.

3. Energy & Utilities
Use Case: Modeling installation and operational costs for
renewable energy systems.
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* LQM Approach: Probabilistic models simulate turbine per-
formance, maintenance schedules, and grid integration
costs.

* Example: Wind farm developers use LQMs
to optimize turbine placement and predict
long-term ROI under different energy pricing scenarios.

4. Pharmaceutical R&D

* Use Case: Estimating drug development costs across clinical
trial phases.

* LQM Approach: Simulation-based models incorporate trial
success probabilities, regulatory timelines, and manufactur-
ing scale-up costs.

* Example: Biopharma teams use LQMs to prioritize com-
pounds with the highest cost-to-success ratio.

5. Retail Supply Chain

* Use Case: Modeling cost-to-serve across distribution chan-
nels.

* LQM Approach: Activity-based costing (ABC) combined with
demand forecasting and logistics simulations.

* Example: Retailers use LQMs to compare costs of direct-to-
consumer vs. wholesale fulfillment strategies.

Page 17

Bill of IT

LQMs provide precision calculations based on service-level
data by modeling cost drivers (e.g. labor, licensing, infrastruc-
ture) with far greater granularity than traditional allocation
methods. They can also simulate cost behaviors under vary-
ing consumption patterns - enabling more accurate charge-
back or show back figures.

Example: Instead of allocating cloud storage costs by average
usage, LQMs can model actual peak demand periods, result-
ing in fairer and more realistic service pricing.

Cost Allocation

Because LQMs can analyze historical consumption and fore-
cast service costs based on demand trends, business growth,
or seasonal variation, this empowers IT Finance to anticipate
shifts in usage and prepare budgets proactively.

Use Case: Predicting rising costs for remote collaboration
tools based on historical adoption curves and headcount
growth. LQMs could also be used for what-if scenario simu-
lation, allowing stakeholders to ask “what if” questions: What
if we double usage of virtual desktops? What if our storage
cost drops by 15 %? These simulations support strategic deci-
sion-making around IT service provisioning and optimization.
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Impact: Enables both business and finance teams to assess As financial complexity grows in hybrid IT environments,

cost implications before deploying new tools or scaling ser- LQMs will play a vital role in transforming ITFM into a pre-
vices. dictive, data-powered practice. Their unique ability to model

dynamic systems and produce actionable insights sets the
Future Strategy stage for more resilient and informed financial planning. This
LQMs are becoming the digital equivalent of a seasoned is an entirely new form of analysis for IT Finance, bringing the
finance manager - one who understands historical context, FP&A mindset to work to improve IT.

behavioral nuances, and systemic trends. Their integration
into ITFM workflows enables smarter forecasting, proac
tive risk mitigation, transparent cost allocation, Data-driven
investment decisions.

These are strategic advantages for IT Finance teams because

it provides:

* Accuracy at Scale: Model thousands of variables with
mathematical precision.

* Efficiency Boost: Automate analytical tasks traditionally
done by financial analysts.

* Adaptability: Fine-tune models for industry-specific or
organization-specific datasets.

* Complexity Reduction: Simplify the interpretation of
multi-layered financial systems.
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Summary Contrast - LLM vs LQM

In understanding the role of Al, it’s crucial to distinguish
between two primary types of Al models used extensively in
contemporary IT finance management: Large Language Mod-
els (LLMs) and Large Quantitative Models (LQMs). LLMs are
linguistic models, trained on copious volumes of textual data
to perform a wide range of tasks, from providing comprehen-
sive answers to questions to generating human-like text com-
positions. Their effectiveness lies in their ability to process,
interpret and generate language in a way that’s increasingly
indistinguishable from human output. Their application within
IT finance management spans across automated document
interpretation, report generation, processing client inquiries,
and more. On the other hand, LQMs are computational levi-
athans, crafted to manage vast datasets for the analysis of
variable relationships, scenario simulation, and prediction.
Fundamental to finance and engineering disciplines, these
models are indispensable due to their ability to provide stra-
tegic insights and aid data-driven decision-making. In IT fi-
nance management they can be used to anticipate budgetary
needs, conduct ‘what-if’ analyses, rebalance portfolios and
even predict market trends.
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Recognizing the nuanced capabilities and applications of LLMs
and LQM s is a necessary foundation for effectively integrating
Al into IT finance management. Throughout this whitepaper,
we explored these models in depth, illustrating their unique
functionalities, distinct applications, and overall significance in
IT finance management.

Al'in IT Finance: LLMs process language for insights;, LOMs analyze data for

strategic decisions.
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Large Language Model (LLM)

Are sophisticated Al tools trained on extensive textual
data, capable of gereation human-like text and per-
forming various linguistic tasks. Their utility ranges
from answering questions to writing essays.

Characteristics

* Largely available from hyperscalers

* Vast capabilities of one model

* 80 % correctness is still “good enough” as humans can
“interpolate” and understand also incomplete/imper-
fect sentences

 Imperfections and “hallucinations” are not easy to
spot due to high quality
* Volatility of outcomes is not as big of a problem

=T LN R=TT{TET-CR [ IRV TS Large Quantitative Model

Large Quantitative Model (LQM)

Are advanced computational tools capable of managing vast
data sets to analyze quantitative relationships, simulate sce-
narios, make predictions and draw conclusions.

Characteristics

* Lower availability and typically from “niche” providers

* More specialized models for certain use cases

* For some use cases 80 % correctness is not “good enough”,
99 % + expected in financial context (if not 100 %)

* Fitting use cases exist, but have not been specified and ad-
opted by most organizations

* Imperfections are equally hard to identify

* Volatility of outcomes is challenging
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Training Data

LLMs are trained on unstructured datasets like text and imag-
ery, connecting data types. In contrast, LQMs are trained on
structured numerical data sets and first-principles equations
that govern the real world (mathematics, chemistry, physics).

Outputs

LLMs excel at generating creative outputs, conversational
interactions, or content. LQMs, however, are geared towards
statistical analyses, mathematical forecasting, and formulat-
ing precise outcomes based on simulations.

Reliability

LQMs are designed to provide reliable and accurate outcomes
because they are grounded in fundamental quantitative prin-
ciples that are always valid. This means they are less prone to
“hallucinations” (outputs recognizing non-existent patterns)
than LLMs.
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Selected Use Cases - How Al Assists in the ITFM Workflow

Before we dive into some use cases in more detail we want to
elaborate on the general areas where Al can deliver benefits
in the context of an IT Financial Management practice that
leverages an automation platform. The integration of Al can
significantly enhance the operational efficiency and strategic
capability of ITFM in three key areas:

1. Human - Ai Interaction: Al-driven transformation of
software user interaction highlights a pivotal shift from con-
ventional modes towards intelligent systems. This evolution
encompasses the integration of text and speech interfaces,
epitomizing the concept of conversational Al. These interfaces
allow for streamlined process execution via tools like “chat
with your data” and “voice-driven planning,” harnessing the
power of LLMs to abstract away complexity and democratize
data accessibility.

2. Enhanced Support for Modeling & Planning: Al can
circumvent the intensive human effort traditionally steered
towards planning and modeling tasks such as cost and work-
flow modeling. By offering proposed values and models, Al
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translates into tangible benefits in terms of optimizing time
and financial resources while bolstering accuracy. Machine
learning algorithms can analyze historical data, discern
patterns, and propose data-driven models, rendering the
planning process more efficient and reliable.

3. Actionable Insights and Decision Support: The core
objective of implementing ITFM is the attainment of busi-
ness transparency, an indispensable precursor for strategic
decision-making. Al can enhance this transparency by mining
valuable insights from complex data and suggesting specific
actions. Advanced Al algorithms capable of predictive analyt-
ics can guide budget allocation and cost optimization, thereby
catalyzing result-oriented decision-making and strategic exe-
cution.

Ultimately, the integration of Al in ITFM is not merely about
algorithmic optimization. It involves leveraging the conver-
gence of user interaction, modeling support, and decision
facilitation to transform ITFM into an engine driving strategic
financial management.
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Al for ETL and Data Cleansing - Extract, Transform,

Load (ETL)

LLMs in ETL
Intelligent Automation & Enrichment

Extract

* Unstructured Data Parsing: LLMs extract struc-
tured fields from PDFs, emails, chat logs, and
scanned documents using schema inference.

* Auto-schema Generation: LLMs infer field
names and datatypes from raw text or
semi-structured sources.

* Multimodal Ingestion: Combine OCR, speech-
to-text, and LLMs to extract data from images,
audio, and video.

Transform

* Natural Language Transformation: Users
describe logic in plain English; LLMs convert it to
SQL, Python, or dbt scripts.

* Data Cleaning & Normalization: LLMs detect
and correct malformed entries, inconsistent for-
mats, and encoding issues.

* Semantic Chunking: Break long documents into
context-aware segments for downstream pro-
cessing or embedding.

* Entity Recognition & Relationship Mapping:
Enrich data with named entities and linkages for
knowledge graph construction.

Load

* Embedding Generation: Convert text into vec
tor embeddings for semantic search or retriev-
al-augmented generation (RAG).

* Metadata Enrichment: Add source, timestamp,
and author info to support lineage and gover-
nance.

* Destination Routing: LLMs suggest optimal
storage targets (e.g., vector DBs, data lakes,
warehouses) based on usage.
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LQMs in ETL
Simulation, Forecasting & Optimiza-
tion

Extract

* Data Sampling for Model Calibration: LQMs
ingest historical data to calibrate cost, perfor-
mance, or risk models.

* Time-Series Data Integration: Extract struc
tured data for simulation inputs.

Transform

* Scenario Modeling: LQMs simulate outcomes
under different assumptions (e.g., cost driv-
ers, demand shifts).

* Probabilistic Enrichment: Add uncertain-
ty bounds or confidence intervals to trans-
formed data.

* Monte Carlo Simulation: Generate synthetic
datasets for stress testing or forecasting.

Load

* Model-Ready Structuring: Format trans-
formed data for ingestion into LQMs (e.g.,
matrix formats, time-series arrays).

* Feedback Loop Integration: Load simulation
outputs back into Bl tools or dashboards for
decision support.
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Workflow Automation

Organizations are adopting innovative methods to simplify
workflow management and boost efficiency. Business Process
Management (BPM) now leverages Artificial Intelligence (Al) to
streamline operations and reduce manual workload so pre-
cision and productivity are maintained. An Al-enabled ITFM
toolkit transforms processes into visually intuitive, BPMN-
based models using advanced Al techniques that understand
complex textual descriptions. In ITFM, workflows clarify task
sequences and define roles, crucial for interdisciplinary con-
structs. Well-designed workflows reveal bottlenecks and in-
efficiencies, driving process optimization and resource alloca-
tion. For example, a budgeting workflow begins with collating
budget requests from IT departments, progresses through
validation, and ends with formulating the annual budget so
transparency and accountability are ensured.

Similarly, an IT cost allocation workflow identifies costs, deter-
mines drivers, and selects allocation bases before proceeding
to cost allocation and chargeback reporting, culminating in
analyzing financial impacts. Workflows also enhance auto-
mation potential, crucial for digital transformation. With RPA
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and Al, tasks like data collation and validation are automated,
freeing human resources for strategic roles. Al's deep learning
algorithms enable automatic task generation by interpreting
process descriptions, creating organized task lists so human
error is reduced and productivity enhanced. This automation
extends to role management within workflows, known as
‘lanes’. The Al platform assigns tasks based on user roles so
coordination is optimized, ensuring smooth task flow among
parties. Transforming textual descriptions into BPMN-based
processes by automating task creation and role assignments.
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Data Anomaly Detection

The traditional statistical methods, although effective to a
degree, fail to offer the comprehensive insight and accuracy
required to manage complex financial landscapes. Artificial
Intelligence (Al), specifically machine learning algorithms, have
shown enormous potential in addressing this gap and trans-
forming anomaly detection.

Utilizing Al enables users to identify irregularities and dis-
crepancies seamlessly in real-time thus preventing potential
fiscal risks. Machine learning models can be trained to rec-
ognize patterns and deviations in large data sets associated
with financial transactions, thus highlighting anomalies that
may signify issues such as fraud, errors or significant chang-
es in business patterns. The increasingly sophisticated Al
algorithms can adapt over time, learning from new data, and
enhancing their predictive capabilities. This adaptability re-
sults in higher accuracy rates and fewer false positives than
traditional methods.

The integration of Al in anomaly detection not only ensures
enhanced security but also aids in operational efficiency and
informed decision making in IT Financial Management. Par-
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ticularly in scenarios with lots of individual data points (e.g.
consumption volumes on the technical services layer like RAM
consumption from Databases) it is very difficult for the hu-
man eye to spot irregularities.

An Al assistant feature like shown below can help point out
those anomalies for the user to review and either accept or
correct - and the model then learns from every interaction.

LV R:D 17Z¢€ T4ZA5¢€ 993 84 RRLEE DEAN
40,00 10,75 € 430,00 € 480,00 5.160,00 €
1,00 7730 € 7730 € 12,00 927,60 €
39,00 4101 € 1.599,39 € 468,00 19.192,68 €
0,00 € 0,00 € 0,00 0,00 €
1,00 1924 € 19,24 € 12,00 23088 €
38,00 3105€ 1.179,90 € 456,00 14.158,80 €
20.061,7 100€ 20.061,70 € 240.740,39 240.740,39 €
X T147€ 1.07205 € 180,00 12.864,60 €
1,0 o T T 12048 €
2,00 0 174,96 €
. 1] 3.075,00 €
70 [ Unexpected figure 3 dser2e
1,00 0 22536 €
4,00 0 6.250,08 €
12,00 0 83520 €

This figure is 10 times higher then expected. Did you check the comma? E A1726€

Your input:  20.061,70
Suggestion:  2.006,17

REMIND ME LATER IGNORE MANUAL FIX AUTO FIX

- J

Sample for anomaly detection - software prompt to a user about an unex-

pected figure.
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“Chat With Your Data”

Based on the different model applications we differentiate
between the LLM use case (“Chat with your qualitative data”)
and the combined LQM/LLM use cases (“Chat with your quan-
titative data”).

“Chat with your (quantitative) data” in the context of IT Finan-
cial Management describes the interaction with financial data
through conversational Al interfaces, like chatbots or voice
assistants. This form of interaction allows users to articulate
their data-related queries in natural, human language and
receive instant responses. Instead of manually navigating
through complex database structures or creating intricate
query languages, users can simply “chat” with their data or
ask direct questions and receive straightforward responses.
In IT Financial Management, this kind of interaction can sim-
plify access to financial records or metrics, such as real-time
expenditure, budget allocations, charges, and more. For
example, a user could ask an Al interface, “What was our total
expenditure on IT infrastructure last quarter?” and receive an
immediate reply based on the underlying data.
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This process not only democratizes data access across the
organization, regardless of technical skills, but also optimizes
the time and efficiency of IT Financial Management teams. By
asking the right questions, users can gain actionable insights,
make data-driven decisions, and strategically plan their in-
vestments, thus ensuring effective IT Financial Management.
For simple queries just asking to select/filter/display certain
data elements this is a purely LLM based use cases as LLMs
are capable of this data analysis and presentation. When
mathematical operations or a more intense analysis (e.g. on
correlations) are required LQMs need to come into play.

“Chat with your qualitative data” is a less known use case but
equally valuable, as in the context of IT Financial Management
there is a lot of relevant qualitative data out there e.g. rules
and procedures, definitions of terminologies that are often
very organization specific. Therefore, building a structured
knowledge base with quality assured data using a LLM to que-
ry the knowledge base can be a big help for the professionals
in the field.
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Chat With Your Qualitative Data - Example

~
i < E
:_ - m Serviceware Al Assistant
Aktivitat
9 Heute
SERVICEWAREm Alle Ansichten ¥ Q PA Chat 16:25
/& 663 | have to plan my next IT Budget. But | don't know what the IT Tower End User is for. Can you explain it to me
Definitions Teams Zuletst gel
User Assistance > Cost Types / Cost Cost Center 5812 HR & — e -
;;’;:;z!;”f o S Serviceware Al Assistant 16:25 Ubersetzen
Q CostCenter5850 Kalender
. Asset Classes Finance m Absolutely! It's important to understand the different IT towers for effective budgeting, especially the End User
Documentation
= ‘ Q). Tower, which directly affects your users.
Legal Entities
- £56 > ¢ AT The End User Tower in IT budgeting typically entails the following:
Products >
0 [ 1. End User Support Services: This covers the costs for desktop support, helpdesk, and other forms of technical support
- OneDrive provided to end-users.
o2 2. Hardware: This is about all end-user hardware including desktops, laptops, mobile devices, printers and other
@ peripherals. It covers acquisition, maintenance, and replacement costs.
Copilot 3. Software: This includes all end-user applications like productivity software (MS Office, email, etc.), specialized work
software, licenses, and subscriptions.
Lk '6 4. Training: This accounts for the cost of training the end-users on new systems, software, or protocols. It may also
\ J P include the formation of guides or manuals.
5. Security: This aspect covers antiviruses, firewalls, and other forms of security measures for end-user devices. Also, it
w includes the systems used to manage and monitor these devices.
[Serviceware...
Understanding the components of the End User Tower is crucial to ensure that all aspects are budgeted for to prevent any
3 . . e shortfall or overspending.
Examp/e for a chatona qualltatlve questlon | hope this helps, Fabian Mieloch! If you need anything else, feel free to ask. &
based on a structured knowledge base.
\ Apps
Nachricht eingeben A O P + P>
J
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Summary - Strategic Integration of Al in IT Financial Manage-
ment

Al is set to reshape IT Financial Management, with LLMs
already delivering value through automation, insight genera-
tion, and enhanced decision support. However, the greatest
potential lies ahead - in LQMs, which are rapidly evolving but
not yet mature enough for broad application.

Current challenges with LLMs and especially LQMs - such as
data volatility, result inconsistency, and limited transparency
- require careful evaluation and disciplined integration. These
hurdles are not technological alone; they demand a shift in
mindset among finance professionals, particularly controllers.
Adopting Al in financial domains means embracing agility,
iteration, and probabilistic reasoning - principles that diverge
from traditional accounting norms.

<=—
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IT directors and executives should position Al initiatives in
ITFM toward value-driven analytics rather than strict account-
ing use. Early investments in process design, governance, and
user education will help scale adoption responsibly, bridging
the gap between innovation and financial stability.
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About Serviceware

Serviceware empowers organizations worldwide to reinvent their service processes - digital and highly
automated. At the core of our portfolio is the Al-native Serviceware platform. It transforms services across
industries, aligns technology and service costs directly with business value, and intelligently connects
people, processes, and data to form the foundation for service excellence in modern enterprises.

Since 2018, Serviceware has been harnessing the potential of artificial intelligence in service management.
The continuous advancement of the platform is driven by Serviceware's Al competence center in close col-
laboration with TU Darmstadt, one of Germany's leading technical universities.

The Serviceware platform includes solutions for Enterprise Service Management, IT Finan-
cial Management, Knowledge Management, Corporate Performance Management, and
Field Service Management - deployable individually or seamlessly integrated. Our portfolio
is complemented by strategic consulting, managed services, and a strong network of part-
ners in IT security, data management, and endpoint management.

Serviceware serves over 1,100 customers worldwide across diverse industries, including 18
DAX-listed companies and 5 of the 7 largest German enterprises. Headquartered in Idstein,
Germany, the company employs over 450 people across 14 international locations.

Learn more at www.serviceware-se.com.

SERVICEWARE @


https://serviceware-se.com/en

p'f’

Serviceware SE
Serviceware-Kreisel 1
65510 Idstein
Germany

+49 6434 94500

contact@serviceware-se.com

WWWw.Sserviceware-se.com

SERVICEWARE

™

02/2026


https://serviceware-se.com/de

